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1. Why do we care about legitimacy?

Then he said to them, 
 “So give back to Caesar what is Caesar’s, 

and to God what is God’s.” 
Matthew 22:21 

Is legitimacy a descriptive or a prescriptive category? The most appropriate response is: it is 
both. But for conceptual clarity, it is worth distinguishing. The quote from Matthew is prescrip-
tive. The Bible, and the church for that matter, not only acknowledge worldly power. They even 
stipulate a duty to obey. But it is implicit in the quote that Caesar is not a robber. The duty rests 
in the implicit assessment that Caesar’s power is legitimate.  

This is what centuries later Max Weber would characterise as the traditional source of legiti-
macy. He contrasts it with a rational source (legitimate government solves real social prob-
lems) and with charismatic government (legitimate government makes a compelling case) 
(Weber 1976). Philosophers have aimed at grounding the duty to obey (Dworkin 1986) in actual 
(Locke 1690) or hypothetical consent (Rawls 2005), in the fact that those in power have acted 
fairly and have respected reciprocity (Hart 2017) or have provided a true service to the individ-
uals whom they govern (Raz 1986). The duty to obey may also be grounded in deontological 
principles (Kant 1785) or rule utilitarianism (Brandt 1959), i.e. in the claim that everybody will 
be better off if everybody obeys the rules that apply to everybody – again premised on these 
rules being recognised as legitimate. 

The most important practical implication of legitimacy as a prescriptive concept is the oppo-
site situation: the duty to obey is contingent on the exercise of sovereign powers being legiti-
mate. Some constitutions, as for instance the German, go as far as stipulating an explicit right 
to resistance against illegitimate government (Art. 20 IV Basic Law). Even short of this radical 
legal implication there may be remedies of which citizens can avail themselves if those in 
power have not acted in a legitimate way. Again German constitutional law is precise about 
this. Ideally, an act of government (be that an act of legislation, administration or adjudication) 
should have both: substantive and personal legitimacy. Both should rest in the ultimate source 
of legitimacy, which is the people. Through elections, the people delegate the exercise of sov-
ereign powers to the legislator. This is why German constitutional law requires that exercises 
of sovereign powers are grounded in a decision of the legislator. For any interference with 
freedom or property, German constitutional law requires an explicit delegation in a statute. 
Moreover, constitutional law requires that sovereign powers be only exercised by public offi-
cials who have come into office by a decision that has been taken with the consent of govern-
ment that has come into office by a decision of Parliament. In constitutional practice, to a 
degree these strict requirements may be qualified. It may, for instance, be acceptable that pri-
vate entities exercise delegated powers. But such exceptions require explicit justification, for 
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instance by superior expertise of the private entity (for background and references see Seiler 
2025). 

One elaborate version of legitimacy as a descriptive concept has been developed in political 
science. It is the distinction between input and output legitimacy (Scharpf 2009). Input legiti-
macy means that sovereign powers are exercised by agents who have been endowed with 
these powers by the supreme authority; in a democracy, this authority is the electorate. Hence 
in a democracy, input legitimacy is tied to the concept of participation (Verba 1967). Input 
legitimacy becomes questionable if those originally elected try to sidestep democratic control, 
and if the regime is on the slippery slope towards autocracy (Gerschewski 2018). To remain 
legitimate, a democratic government must be open to change, including the possibility that the 
ruling party loses office on the next election. Another obvious reason to doubt input legitimacy 
is the suspicion of corruption (Seligson 2002). 

The companion concept is output legitimacy. The concept has specifically been developed for 
the (original setup of) the European Union. As the European Union is not a full-blown state, its 
powers have always been a hybrid between direct responsibility towards the people (through 
the European Parliament) and indirect responsibility through the governments of the member 
states. This hybrid make-up has, in political debates, being used to delegitimise the European 
Commission and the European Council. The concept of output legitimacy is meant as a coun-
ter-argument. It argues that traditional input legitimacy is not the only possible source. Legiti-
macy may also result from successful problem-solving, like the establishment of a common 
market, or the fulfilment of widely acknowledged social or environmental goals (Scharpf 
2009). In the later debate, throughput legitimacy has been added as a third category (Schmidt 
2013). This concept stresses the procedure of generating and applying rules. It can be related 
to the claim from system theory that, in complex modern societies, legitimacy can only result 
from the way how social issues are dealt with (Luhmann 1969). 

As the concept is descriptive, it may be put to the test. In a lab experiment, we have compared 
the force of input and output legitimacy. Participants had to earn a fixed amount of income 
with a tedious real effort task. They were supposed to pay 30% tax, to be spent on a donation 
to one of 10 organisations on a list. The list was deliberately constructed such that most stu-
dent participants would likely support some, but not all recipients. The treatment manipulation 
was the option to pay a small amount of the earned income for switching from a regime in 
which the recipient was randomly selected from the list to a varied degree of influence on this 
selection. There were three regimes. In the first regime, the majority recipient would get all the 
taxes. In the second regime, the three most popular regimes would get some of the amount. 
In the third regime, the more votes one recipient had collected the greater the share from the 
entire tax income. Participants were sensitive to the degree of input legitimacy. The more per-
sonal influence they had, the more of their income they were willing to spend on being in that 
regime. Moreover the bigger their individual influence, the more they were tax abiding. But 
there was a catch. We had elicited beliefs about the most popular recipients. It turned out that 
most participants were (correctly) believing that recipients they deemed acceptable them-
selves would also be selected by others. We concluded from this result that, actually, what 
looked like strong support for input legitimacy effectively was an attempt at channelling the 
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money where they wanted it to be spent. Or using the terminology from political science: par-
ticipants sought out input legitimacy as a technology to achieve output legitimacy (Engel, 
Mittone et al. 2024). 

In an experiment, it is possible to isolate true input legitimacy and true output legitimacy. In 
political reality, this is difficult. Whether a person has actual influence on the selection of mem-
bers of Parliament and, through them, on choices made by elected politicians, is something 
the individual voter cannot truly verify. Even if the election does not appear rigged, the channel 
of influence is highly indirect. Even more indirect is the influence of voters on individual sub-
stantive political decisions. In countries like Switzerland, there is more scope for direct democ-
racy through referendums. But even in such countries, direct democratic decision-making is 
the exception that proves the rule of the representation principle. For these reasons, in political 
practice, descriptive legitimacy is essentially a matter of beliefs. Whether citizens regard an 
exercise of sovereign powers as legitimate is filtered through perception (Van der Toorn, Tyler 
et al. 2011, Varet, Granié et al. 2021). Essentially it is a matter of trust (Hawdon 2008, Hough, 
Jackson et al. 2013, Batrancea, Nichita et al. 2019). In general, trust is easy to destroy, but hard 
to build (Chaudhuri and Gangadharan 2007, Charness, Du et al. 2011). Trust in the legitimate 
exercise of sovereign powers is no exception to this rule. Trust relies on signals (Spence 1973). 
This question features centrally in research that tries to isolate the reasons why most (legal) 
rules are applied even if the addressee has no reason to suspect that rule violation would lead 
to audit or enforcement (Desmet and Engel 2021). This research demonstrates that the most 
important source of compliance, with almost any legal rule, is the way how this individual feels 
treated when she, or someone from her close personal environment, has been treated by the 
administration or the courts (Tyler 2006b, Tyler 2006a). Transparency helps, in that it increases 
the information base. But it may also hurt, in that occasional mistakes become widely known 
(Engel 2019).   

2. How could artificial intelligence affect legitimacy? 

In a nutshell, this paper asks: is legitimacy technology neutral? Is everything that has changed 
the mechanical way in which sovereign powers are gained or exercised? Or is sovereignty qual-
itatively different if it is grounded in AI? Sovereignty has never been technology free. Once the 
printing press had been invented, it has been used for mustering resistance to those in power. 
The radio has helped mobilize the electorate. E-mail campaigns have deprived traditional me-
dia of their gate keeping power. Those designing new rules have consulted libraries. They have 
collected data, for instance about the number of taxpayers, or about the quality of the infra-
structure. They have run surveys to learn more about citizens’ preferences. Those implement-
ing governmental rules have kept records about past governmental acts, and have used them 
to predict the success of current interventions. For regulating street traffic, machines (traffic 
lights) have long replaced policemen. The tax administration uses software to target audits to 
the most suspicious cases. A further reminder is in place: new technologies that have been 
used to gain or exercise sovereign powers have rarely been invented or produced by govern-
ment, for the purpose of governing society. Gutenberg has invented the printing press to make 
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some money. The radio has originally been built for mass entertainment. E-mail was designed 
as a technology to survive after a nuclear strike. Those combatting for sovereign power, and 
governments exercising it, have availed themselves of the new opportunities that had originally 
been developed outside government, and for non-governmental purposes. 

This invites a more precise question: in which ways does artificial intelligence provide new 
opportunities for legitimate government, and new challenges? This question may be asked at 
four levels: access to political power, rule generation, rule application, and shaping up support 
for government. 

a). Access to political power 

In a democracy, political power is precarious by design. The very fact that those who intend to 
wield political power have to fight for it, and that they know they have to survive the next elec-
tion, is itself a source of legitimacy. Now elections have never been mere exercises in prefer-
ence aggregation. In a representative democracy, voters make a highly aggregated decision. 
They have to select an individual whom they, everything considered, deem acceptable. In mod-
ern democracies, the affiliation of a candidate with a political party is the most important piece 
of information. This mediatisation of candidates by large organisations further coarsens the 
choice of a voter. Moreover in a typical election, the influence of the individual voter is minimal, 
which is why political scientists have coined the term “voting paradox”. It stresses that an in-
dividual voter is next to never pivotal (Ferejohn and Fiorina 1974). 

The big change brought about by artificial intelligence is a drastic reduction in transaction cost 
(on transaction cost economics, see Williamson 1975). In the past, the party systems of most 
democracies have been very stable over time. New parties, like the Greens, have made it into 
the system. But such changes have taken decades. With the help of artificial intelligence, mo-
bilising individuals and organising them, has become dramatically cheaper. In the language of 
competition theory, barriers to entry into the political market are substantially lower (von 
Weizsäcker 1980, Baumol and Willig 1981). This creates a new opportunity for groups of citi-
zens who did not feel adequately represented by the existing party system. Access to political 
power is democratized. But at the same time, the party system becomes more fluid. Political 
stability is harder to establish. 

In the political theory textbook, the individual voter compares the political programs of the 
competing parties and selects the one that comes closest to her preferences. Were she to do 
that by the rulebook, she would have to assign a normative weight to each item that she ex-
pects to be on the agenda for the upcoming legislative period. She would gauge the gap be-
tween the political decision she desires herself and the position of the party. She would also 
have to factor in the probability that the decision will be made at all, and the need for compro-
mises between political parties if the country will likely be ruled by a coalition. Empirically, this 
is of course not what the typical voter does. Rather she goes by a few salient issues about 
which she cares most, she has been convinced by an individual candidate, or she votes again 
for the same party for which she has voted earlier. She may even refrain from exercising her 
voting right altogether. 
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Again artificial intelligence creates new opportunities. If a voter dearly cares about an issue, 
she may ask a language model about the expressed or inferred preferences of the competing 
parties. She may also ask the model to develop scenarios that would be required for her de-
sired outcome to obtain. With the help of AI, a voter who truly cares may not only be better 
informed. She also stands a more realistic chance to engage other voters about what she con-
siders to be a critical issue. The voting paradox only holds for the isolated decision in the voting 
booth, not for groups of voters who generate a movement prior to the election day. 

Those competing for a seat in parliament may avail themselves of AI technology in the interest 
of attracting votes. Again, the normative assessment is ambivalent. Political parties, and their 
candidates, must address a very heterogeneous electorate. Not every voter cares about the 
same issue. Artificial intelligence makes it possible to address different voters differently. Not 
only has such a more personalised campaign become technically and economically feasible 
(Enli and Skogerbø 2013). Candidates may also exploit demographic markers to send the right 
message to the right person. Per se, this is not reproachable. But there is of course the possi-
bility to hide part of the intended program to voters the candidate expects to be less inclined 
towards such issues. The dividing line between personalisation and manipulation may be nar-
row. 

Candidates, and entire political parties for that matter, must excel in the art of meeting com-
peting, if not conflicting wishes about the evolution of the polity (Brunsson 1989). But even 
taking this into account, they must sometimes make choices. Either the campaign stresses an 
issue, or it plays it down. The better the information about the distribution of wishes in the 
population, the more it is promising for the campaign to exploit the power of large language 
models to handle rich data. The campaign managers may exploit this ability to simulate voter 
turn-out and votes conditional on alternative versions of the campaign (Aher, Arriaga et al. 
2023, Horton 2023). To make these predictions as informative as possible, the campaign may 
build a set of digital twins of the population (Bagabaldo and Hackl 2025, Helm, Chen et al. 
2025). 

In democracy, an election may be challenged if there has been a glaring manipulation. But 
most constitutions make this difficult. The legal and practical impediments result from a bal-
ance between deterring violations of electoral law, and respecting the sense of justice of those 
who feel treated unfairly on the one hand, and the dangers of political instability on the other 
hand. Using economic language, one may also say that the official outcome of the election 
has changed the political equilibrium. A deontological definition of legitimacy, or one derived 
from rule utilitarianism, could support this line of reasoning. As long as the underlying rules of 
electoral law are in line with the constitution, there would also not be a problem with the legal 
definition of legitimacy. But the serious suspicion that, with the help of artificial intelligence, 
the election has been rigged would seriously taint legitimacy as a political category. Input le-
gitimacy would be qualified. Same for philosophical concepts that ground the duty to comply 
in imputed consent, fairness or reciprocity. 
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b) Rule generation 

Max Weber’s “rational” source of legitimacy results from the ability of government to solve 
social problems. This is also the core of the concept of input legitimacy in political science 
(Simon 1986). Some problems of a country require an ad hoc intervention. If there is a crisis, 
it must be addressed, even if the crisis has not been anticipated, so that there is no legislative 
rulebook. But many social problems are of a different kind. The risk of crime is foreseeable, as 
is climate change, or the problems with a pay as you go pension system if the age distribution 
in the population is unbalanced. With foreseeable social problems, the distinction between rule 
generation and rule application is meaningful. Artificial intelligence changes both. 

Some social problems are simple. But even seemingly simple problems, like the prohibition of 
stealing, may become more complicated when looking more closely. To stick with the exam-
ple: the typical thief does not steal for a living (cf. Levitt and Venkatesh 2000). Even those who 
do did not necessarily chose this profession voluntarily over alternative careers. And even if 
they did, a former thief may not have easy access to the official labour market (Agan and Starr 
2018). Consequently, the political goal of fixing the stealing rate cannot necessarily be 
achieved with the recipe from rational choice theory, i.e. deterrence (Nagin 1998). Different 
countries have tried out different solutions, like a more encompassing welfare state. But alas, 
even in the Nordic countries with their strong welfare state some stealing happens (Apel 
2025). 

In similar ways as with attracting voters, artificial intelligence can make political interventions 
more effective that aim at solving a defined social problem. Government may access richer 
information. It can simulate the effects of alternative interventions. It may address heteroge-
neous populations by conditioning interventions on discernible demographic markers. If the 
social problem is likely to persist for an extended period of time, government may evaluate the 
effect of a first intervention, and adjust it in the light of fine-grained information about its im-
plementation. This way, rule generation can be turned into a dynamic process which builds on 
social learning (Bennear and Wiener 2019). 

There are a number of downsides though. A widely discussed risk are hallucinations (Dahl, 
Magesh et al. 2024, Magesh, Surani et al. 2025). The risk results from the architecture of large 
language models. Under the hood, they are prediction engines. This also holds for their gener-
ative ability. Technically the next token (typically the next word) is generated as a prediction 
based on the generated text up till the last word. The problem is exacerbated by a design fea-
ture of most language models. They are programmed to give a response, even if they are only 
mildly confident that the response is correct. While the problem is serious, for rule generation 
it is probably not too concerning. Hallucinations are often obvious to a human observer. Rule 
generation is unlikely to be fully automated. When checking back, human supervisors are likely 
to spot the mistake. 

This is a very different with another feature of large language models. Recent frontier models 
are trained on huge amounts of data, essentially the part of the Internet that is not behind 
paywalls. For this reason, large language models have typically not only read more human 
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utterances than any human individual will read in their lifetime. Different large language mod-
els are also likely to have been trained on similar data (for an overview see Bhati, Neha et al. 
2026). But the design of large language models is not confined to exploiting the information 
inherent in the training data. Different LLMs use very different approaches for making the most 
out of this information. For that purpose they use reinforcement with human feedback 
(Ouyang, Wu et al. 2022), and this feedback tends to be proprietary. To the degree possible, 
they also use reinforcement with verifiable rewards, provided the clear and automatic evalua-
tion of the output is feasible (as epitomised by mathematical or coding tasks) (Wen, Liu et al. 
2025). It has become increasingly popular to supplement scraped real data with synthetic data 
(Adler, Agarwal et al. 2024). Finally, the providers implement different “guardrails”, for instance 
to prevent the large language model to be used for crime, or for other purposes that the pro-
vider deems inappropriate (Rebedea, Dinu et al. 2023).  

Importantly, these interventions endow different large language models with pronouncedly dif-
ferent normative convictions. In an experiment, we have tested four state of the art large lan-
guage models on three different versions of the trolley dilemma (Foot 1967). In the bystander 
problem, an observer notices that a trolley would run into five people working on a track. By 
pulling a lever, the observer could redirect the trolley to another track, but the track would then 
kill another person. Should she do that? In the footbridge variant, instead of pulling a lever, the 
observer would have to push a heavy person over the bridge such that this person would stop 
the trolley, and die (Thomson 1984). In the triage variant, the choice is one between saving five 
patients at the expense of another patient who would sure survive otherwise (Christian 2019). 
We have tested the four LLMs of Figure 1 on all three problems. We also happened to have 
data from human participants (Engel, Hermstrüwer et al. 2025). 

The blue bars stand for the percentage of intervention decisions (pulling the lever). In the by-
stander problem, all four LLMs agree, but they are all more interventionist than human controls. 
In the remaining two problems, there is a stark difference between Claude and the remaining 
LLMs. While Claude is very hesitant to intervene, the other three LLMs are quite happy to sac-
rifice one life for many.  

The idiosyncratic and undisclosed normative stance of an LLM would be less concerning if the 
human legislator could instruct the LLM to reason along the lines it considers normatively ad-
equate. This we have tested with three interventions. In the first intervention, we tell the LLM 
to follow the deontological logic. In the third intervention, we adopt the opposite perspective 
and instruct it to decide in line with utilitarian principles. The second, in between intervention 
instructs the model to strike a balance between both normative perspectives. There is some 
good news. Gemini is quite responsive to either instruction. Mistral also exhibits some reac-
tion. Llama is, however, quite unswerving. And Claude is not easy to convince that a decision 
could be taken on utilitarian grounds. Our results suggest that “human realignment” is not an 
impossible endeavour. The experiment also shows that the hidden normative position of an 
LLM can be revealed with the help of experiments. But legislators should not expect an LLM 
to be normatively neutral if they use it for the preparation of new rules. 
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Figure 1 

Frequency of sacrificing one person for the sake of five others 
 

A related concern is the proprietary nature of all frontier models. All of them have been devel-
oped by business. The greater their impact on rule generation, the more legislative powers 
would shift to private entities. Political decisions might be transformed into technocratic 
choices. Moreover Mistral is the exception that proves the rule: all other serious competitors 
either come from the US or from China. It is not known to which degree their governments 
have influenced the design, and control their deployment. At any rate, this creates a degree of 
vulnerability of unknown severity. 
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The price for frontier models to be highly effective is opacity (Burrell 2016). Some first gener-
ation machine learning algorithms (like decision trees) were transparent and easily explaina-
ble. This benefit already disappeared with more powerful machine learning tools, like support 
vector machines. With the next generation, the architecture shifted towards neural networks 
with hidden layers. Even if a supervisor checked those hidden layers, she would know very little 
about their impact on the ultimate prediction. Opacity further increased with the translation of 
verbal input into high-dimensional vectors of probabilities, so-called embeddings. The genera-
tive component of large language models made the internal workings of large language mod-
els completely obscure (an excellent introduction into the technical development is James, 
Witten et al. 2022). Effectively, the only way to learn something about the way how a frontier 
model works is running experiments. From appropriately designed interventions one may infer 
some information about the relationship between input and output. Of course, this is no differ-
ent with human decision makers. The inner workings of the human brain are at least as in-
transparent as are language models. Yet human decisionmakers have thousands of years of 
experience to interact with other human decision makers, while language models are so recent 
that no such social practice has emerged. 

Even assuming a large language model that is fully under national democratic control, the mere 
ability of designing much more specific rules creates an issue for legitimacy. The technology 
has the potential of shifting decision-making power away from administrators who apply more 
generic rules to rule makers who design more fine-grained interventions (Langenbach 2026). 

The true power of large language models as decision aids for legislators rests in their ability 
to aptly handle huge amounts of information. This is why large language models may help the 
legislator design more effective interventions. But this advantage requires that the legislator 
has access to such fine-grained information, and makes it available to the large language 
model. Whenever the addressee of the planned intervention is an individual, knowing more 
about this specific addressee makes intervention smarter. But inevitably government either 
needs to collect this information in the first place, or it must take this information from a data 
collection enterprise that has been run for different purposes. The most practical source is the 
data that private entities have collected anyways for their commercial purposes. Government 
might either buy that data, or might even conscript it. Yet the more private data government 
plans to use in preparation of a new rule, the more deeply it interferes with privacy. Moreover, 
citizens who are wary of the use of personal information for regulatory purposes may try to 
conceal this information, in the interest of thwarting the planned intervention. 

c) Rule application 

Similar considerations hold if the administration (or the courts) want to apply the rules that the 
legislator has designed to individual cases. There is considerable potential in mustering the 
power of large language models for the purpose. But there is also a list of concerns. Conse-
quently, when relying on LLMs, legitimacy can increase because government exhibits greater 
problem-solving capacity. But legitimacy can also decrease because the way how government 
becomes more effective is considered inappropriate. 
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The implementation deficit is a pervasive problem of the modern state (Mayntz 1983, Knill, 
Steinebach et al. 2024). Rules that serve a fully legitimate, uncontested purpose partly or even 
fully fail to achieve their intended purpose because government cannot implement them. Often 
the implementation deficit does not hold across the board, but affects some parts of the pop-
ulation more severely than others. If that is the case, the normative concern is exacerbated by 
discrimination between discernible groups of society. Because many are getting away with 
rule violations, the willingness of good natured citizens to abide by the rule erodes (for an 
experimental test of the effect see Desmet and Engel 2021). If this is not an exceptional event, 
general support for government may even be at risk. 

Large language models have the potential to make rule application much more effective. The 
main reason is again transaction cost. Once the relevant part of social life leaves digital traces, 
the cost of audit is drastically reduced. Implementation may be near perfect, for instance by 
only giving access to the desired activity after the LLM has received proof of compliance with 
the applicable rules. If government does not want to go that far, it may keep track of prior 
interactions with a citizen, and target audit towards individuals that the LLM predicts to be 
more likely to violate the rule. If citizens try to circumvent a rule, the LLM may flag attempted 
circumvention for audit.  

LLMs can exploit more information about the concrete situation and the individual citizen 
whose behaviour the administration wants to affect. The resulting greater precision of the in-
tervention does not only make the individual intervention more effective. The administration 
may also better target the situation and the addressee which promise the greatest effect. 
Through customisation, individual interventions can be less brushing. For most addresses this 
may mean a less intrusive approach, while implementation efforts may zero in on the situa-
tions and individuals who are most relevant for achieving the regulatory goal (Ben-Shahar and 
Porat 2021). 

While these are serious opportunities for increasing legitimacy, essentially all the potential 
concerns that have been spelt out with rule generation do also affect rule application. There is 
an additional challenge which is much more important for rule application than for rule gener-
ation. If the administration or the courts want to fully exploit the power of large language mod-
els, they must shift to a fully digital workflow. The available information about the case and 
the addressee are not only processed with the help of a large language model. These infor-
mations are themselves digitized (and made available in a standardized, easily machine-read-
able format, like .json). As the addressees know that their personal interests are at stake, they 
have a strong incentive to manipulate the advice or decision given by the LLM. This is concern-
ing because LLMs can be manipulated in ways that are not immediately transparent to human 
users, and to a supervising administrator or judge in particular. One primitive, but still not yet 
fully fixed risk is prompt injection (Gulyamov, Gulyamov et al. 2026). The addressee for in-
stance writes an instruction in white font on white background that the LLM easily reads, while 
the human supervisor will not notice it. In this instruction, the addressee request from the LLM 
to decide in her favour. Hence from the perspective of the legitimacy balance, the involvement 
of artificial intelligence is a double-edged sword. 
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d) Perception 

If the substantive or personal legitimacy of a statute, administrative act or court ruling is chal-
lenged in the constitutional court, the court may investigate the matter thoroughly. But the 
main reason for discussing legitimacy is not the legality of the exercise of sovereign powers. 
The critical question is whether government is considered legitimate by the population. This 
is why perception is important.  

If the country, or the way how it is governed, are perceived to be in good shape, this may convey 
government legitimacy. Problem-solving capacity matters for perceived legitimacy.  But there 
is no one-to-one mapping between the problem-solving performance of government and its 
perceived legitimacy. One straightforward reason is an information gap. The wider public may 
simply not know about actual good governance, or it may not have noticed bad governance 
(Achen and Bartels 2017). The characteristic short-term orientation of democracy to the next 
election day also matters in this respect (Ogami 2024). Moreover democratic government is 
not exclusively about solving serious social problems. Typically there is more than one solu-
tion, and these solutions differ by their distributional effects. One solution favours one group, 
while another solution favours another group (Knight 1992). Such constellations are particu-
larly dangerous if the group that could easiest solve the problem is also best organised (Olson 
1965). Then the better organised group is likely to exert pressure on government, and govern-
ment might try to conceal from the wider public that it has given in to the pressure. 

The involvement of artificial intelligence in the generation and the application of sovereign 
rules may affect perceived legitimacy of government in a generic and in a specific way. The 
generic channel is the attitude of the public towards artificial intelligence. First generation re-
search has documented pronounced “algorithm aversion” (Dietvorst, Simmons et al. 2015). 
Putting a “human in the loop” is the classic response (Odekerken, Bex et al. 2024). But more 
recent evidence is more nuanced. It shows that attitudes towards AI tend to be context specific 
(Starke, Baleis et al. 2022, Hermstrüwer and Langenbach 2023), and can be changed by tar-
geted design (Henning and Langenbach 2026).  

Since for the most part legitimacy is constructed through the lens of perception, perception 
management is a classic governmental task (Carpenter and Krause 2012, Guenther, Jörges et 
al. 2024, Sunstein and Gaffe 2024). Government may muster the power of AI for this persua-
sion task (Cheng and You 2025), in particular by personalising information (Xi, Zeng et al. 
2026). 

3. Legitimacy in the age of artificial intelligence 

The key argument of this paper is: technology shapes how sovereign powers may be exercised, 
and how those respond who anticipate the exercise of sovereign powers. Technology creates 
opportunities for governing society, and it creates challenges for effective governance. Tech-
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nology thus affects the problem-solving capacity of those in power, and it affects how sover-
eign power is perceived. This is why legitimacy is not technology neutral. Artificial intelligence 
fundamentally facilitates the ability to process information.  

Whether this change in abilities is good or bad for the legitimacy of sovereign powers is am-
bivalent. Neither does the use of artificial intelligence make the acquisition and the exercise 
of sovereign powers illegitimate. Nor does the involvement of the new opportunities created 
by big data and artificial intelligence necessarily make the exercise of sovereignty, or the way 
how it is perceived by the public, more legitimate. The bottom line is the classic response of 
jurists: it depends. This paper has sketched some of the channels through which the deploy-
ment of artificial intelligence is likely to influence actual and perceived legitimacy of govern-
ment. The balance between new opportunities and new risks will depend on how governments 
use the new opportunities, how they contain the new risks, and how this is communicated to 
the public. 
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